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Abstract

We study the task of transforming a hard function f , with which any small circuit disagrees
on (1 − δ)/2 fraction of the input, into a harder function f ′, with which any small circuit
disagrees on (1 − δk)/2 fraction of the input, for δ ∈ (0, 1) and k ∈ N. We show that this
process can not be carried out in a black-box way by a circuit of depth d and size 2o(k1/d)

or by a nondeterministic circuit of size o(k/ log k) (and arbitrary depth). In particular, for
k = 2Ω(n), such hardness amplification can not be done in ATIME(O(1), 2o(n)). Therefore,
hardness amplification in general requires a high complexity. Furthermore, we show that even
without any restriction on the complexity of the amplification procedure, such a black-box
hardness amplification must be inherently non-uniform in the following sense. Given as an
oracle any algorithm which agrees with f ′ on (1 − δk)/2 fraction of the input, we still need an
additional advice of length Ω(k log(1/δ)) in order to compute f correctly on (1−δ)/2 fraction of
the input. Therefore, to guarantee the hardness, even against uniform machines, of the function
f ′, one has to start with a function f which is hard against non-uniform circuits. Finally, we
derive similar lower bounds for any black-box construction of pseudorandom generators from
hard functions.

1 Introduction

1.1 Background

Understanding the power of randomness in computation is one of the central topics in theoretical
computer science. A major open question is the BPP versus P question, asking whether or not all
randomized polynomial-time algorithms can be converted into deterministic polynomial-time ones.
A standard approach to derandomizing BPP relies on constructing the so-called pseudorandom
generators (PRG), which stretch a short random seed into a long pseudorandom string that looks
random to circuits of polynomial size. So far, all known constructions of PRG are based on unproven
assumptions of the nature that certain functions are hard to compute. The idea of converting
hardness into pseudorandomness first appeared implicitly in the work of Blum and Micali [2] and
Yao [24]. This was made explicit by Nisan and Wigderson [14], who showed how to construct a
PRG based on a Boolean function which is hard in an average-case sense. To get a stronger result,
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one would like to relax the hardness assumption, and a series of research [14, 1, 8] then worked on
how to transform a function into a harder one. Finally, Impagliazzo and Wigderson [10] were able
to convert a function in E that is hard in worst case into one that is hard in average case, both
against circuits of exponential size. As a result, they obtained BPP = P under the assumption that
some function in E can not be computed by a circuit of sub-exponential size. Simpler proofs and
better trade-offs have been obtained since then [18, 9, 17, 21].

Note that hardness amplification is the major step in derandomizing BPP in the research dis-
cussed above, as the step from an average-case hard function to a PRG is relatively simple and has
low complexity. We say that a Boolean function f is α–hard (or has hardness α) against circuits
of size s if any such circuit attempting to compute f must make errors on at least α fraction of
the input. The error bound α is the main parameter characterizing the hardness; the size bound
s also reflects the hardness, but it plays a lesser role in our study. Formally, the task of hardness
amplification is to transform a function f : {0, 1}n → {0, 1} which is α–hard against circuits of
size s(n) into a function f ′ : {0, 1}m → {0, 1} which is α′–hard against circuits of size s′(m), with
α < α′ and s′(m) close to (usually slightly smaller than) s(n). Normally, one would like to have
m as close to n as possible, preferably with m = poly(n), so that one could have s′(m) close to
s(m); otherwise, one would only be able to have the hardness of f ′ against much smaller circuits.
Furthermore, one would like f ′ to stay in the same complexity class of f , so that one could establish
the relation among hardness assumptions within the same complexity class.

Two issues come up from those works on hardness amplification. The first is on the complexity of
the amplification procedure. All previous amplification procedures going from worst-case hardness
(α = 2−n) to average-case hardness (α′ = 1/2−2−Ω(n)) need exponential time [1, 10, 18] (or slightly
better, in linear space [12] or ⊕ATIME(O(1), n) [22]). As a result, such a hardness amplification is
only known for functions in high complexity classes. Then a natural question is: can it be done
for functions in lower complexity classes? For example, given a function in NP which is worst-case
hard, can we transform it into another function in NP which is average-case hard? Only for some
range of hardness (e.g. starting from mild hardness, with α = 1/poly(n)) is this known to be
possible [24, 14, 10, 15, 7].

The second issue is that hardness amplification typically involves non-uniformity in the sense
that hardness is usually measured against non-uniform circuits. In fact, one usually needs to start
from a function which is hard against non-uniform circuits, even if one only wants to produce a
function which is hard against uniform Turing machines. This is why most results on derandomizing
BPP are based on non-uniform assumptions (except [11, 20]).

1.2 Black-Box Hardness Amplification

In light of the discussion above, one would hope to show that some hardness amplification is indeed
impossible. However, it is not clear what this means, especially given the possibility (in which
many people believe) that average-case hard functions may indeed exist.

One important type of hardness amplification is called black-box hardness amplification. First,
the initial function f is only given as a black-box to construct the new function f ′. That is, there
is an oracle Turing machine Amp such that f ′ = Ampf , so f ′ only uses f as an oracle and does
not depend on the internal structure of f . Second, the hardness of the new function f ′ is proved
in a black-box way. That is, there is an oracle Turing machine Dec, such that if some algorithm
A computes f ′ correctly on α′ fraction of the input, then Dec using A as an oracle can compute f
correctly on α fraction of the input. Again, Dec only uses A as an oracle and does not depend on
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the internal structure of A. We call Amp the encoding procedure and Dec the decoding procedure.
In fact, almost all previous constructions of hardness amplification (except [11, 20]) are done in a
black-box way, so it is nice to establish impossibility results for such type of hardness amplification.

1.3 Previous Lower Bound Results

Viola [22] gave the first lower bound on the complexity required for black-box hardness amplifica-
tion. He showed that to transform a worst-case hard function f into a mildly hard function f ′, both
against circuits of size 2o(n), the encoding procedure Amp can not possibly belong to the complexity
class ATIME(O(1), 2o(n))). This rules out the possibility of doing such hardness amplification in PH,
which explains why previous such procedures all require a high computational complexity. He also
showed a similar lower bound for black-box construction of PRG from a worst-case hard function.

Trevisan and Vadhan [20] observed that a black-box hardness amplification from worst-case
hardness corresponds to an error-correcting code with some list-decoding property. Then results
from coding theory can be used to show that for any such amplification from worst-case hardness
to hardness (1 − ε)/2, the decoding procedure Dec must need Ω(log(1/ε)) bits of advice in order
to compute f . This explains why almost all previous hardness amplification results were done in a
non-uniform setting, except [11, 20] which did not work in a black-box way.

There were also impossibility results on weaker types of hardness amplification, from worst-case
hardness to average-case hardness. Bogdanov and Trevisan [3] considered hardness amplification
for functions in NP in which the black-box requirement on the encoding procedure is dropped.
They showed that the decoding procedure can not be computed non-adaptively in polynomial
time unless PH collapses. Viola, in another recent paper [23], considered hardness amplification
in which the black-box requirement on the decoding procedure is dropped. He showed that if the
encoding procedure can be computed in PH, then there exists an average-case hard function in PH
unconditionally. We will not consider such weaker types of hardness amplification in this paper,
and hereafter when we refer to hardness amplification, we always mean the black-box one.

1.4 Our Results

Unlike previous results which only focus on specific range of hardness, we consider amplifying
hardness in a much broader spectrum: from hardness (1− δ)/2 to hardness (1− δk)/2, for general
δ ∈ (0, 1) and k ∈ N.

Our first two results address both the complexity issue and the non-uniformity issue in the same
framework, showing how complexity constraints on the encoding procedure result in the inherent
non-uniformity of the decoding procedure. Formally, we prove that if the encoding procedure
Amp for such a hardness amplification is computed by a circuit of depth d and size 2o(k1/d) or
by a nondeterministic circuit of size o(k/ log k) (and arbitrary depth), the decoding procedure
Dec must need an advice of length 2Ω(n). As a result, with Amp ∈ PH when k = nω(1) or with
Amp ∈ ATIME(O(1), 2o(n)) when k = 2Ω(n), such a hardness amplification is impossible if the
hardness is measured against circuits of size 2o(n). In fact in either case, it is impossible to produce
a function which is (1−δk)/2–hard against a uniform low complexity class, say DTIME(O(1)), even
if we start from a function which is (1−δ)/2–hard against a uniform but arbitrarily high complexity
class equipped with an advice of length 2o(n), say DTIME(22n

)/2o(n).1 This demonstrates one severe

1Note that hard functions against DTIME(O(1)) do exist. For example, the parity function is (1/2−2−Ω(n))–hard
against DTIME(O(1)), but according to our result, its hardness cannot be shown in such a black-box way.
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weakness of black-box hardness amplifications. Another interesting fact from our results is the
following. When amplifying hardness from (1− δ)/2 to (1− δk)/2, what determines the complexity
of such amplification is the parameter k; a large k forces a high complexity requirement, for typical
values of δ. This has Viola’s result in [22] as a special case, which addresses only the specific
case with (1 − δ)/2 = 2−n and (1 − δk)/2 = 1/poly(n) (or equivalently, δ = 1 − 2−n+1 and
k = 2Ω(n)). Our lower bound is tight since the well known XOR lemma [24] indeed can achieve
such a hardness amplification. Note that our result, when restricted to worst-case to average-case
hardness amplification, is incomparable to those of [3] and [23].2

Our third result shows that even without any complexity constraint on the encoding or decoding
procedure, amplification between certain range of hardness is still inherently non-uniform. One can
derive this for the case of amplifying hardness beyond 1/4, using Plotkin Bound [16] from coding
theory. We obtain a quantitative bound on the non-uniformity for a general range of hardness
amplification. We show that to amplify from hardness (1−δ)/2 to hardness (1−ε)/2, the decoding
procedure Dec must need an advice of Ω(log(δ2/ε)) bits. Thus, when ε = δk, an advice of length
Ω(k log(1/δ)) is necessary, and when ε ≤ cδ2 for some constant c, such hardness amplification must
be inherently non-uniform. Our result generalizes that of Trevisan and Vadhan [20].

Finally, we derive similar lower bounds on black-box constructions of PRG from any function
with a given hardness.

1.5 Our Techniques

Our results are obtained via a connection between black-box hardness amplifications and some
type of “error-reduction” codes, which generalizes the connection given by Trevisan and Vadhan
[20] and Viola [22]. A similar observation was also made by Trevisan [19]. Formally, a black-box
amplification from hardness (1 − δ)/2 to hardness (1 − ε)/2 induces a code with the following
list-decoding property. Given a corrupted codeword with a fraction of less than (1 − ε)/2 errors,
we can always find a small list of candidate messages such that one of them is close to the original
message, with their relative Hamming distance less than (1 − δ)/2. Therefore, we can focus our
attention on such codes, as lower bounds on such codes immediately translate to lower bounds on
the corresponding hardness amplification.

Our first two results are based on the following idea. A code with such a list-decoding property
can only have a small number of codewords close to any codeword, so a random perturbation on
an input message is unlikely to result in a close codeword. On the other hand, if such a code is
computed by an algorithm which is insensitive to noise on the input, then a random perturbation
on an input message is likely to result in a close codeword, and we reach a contradiction. Circuits
of small size, or circuits of small depth and moderate size can be shown to be insensitive to
noise on their input. Thus, they can not be used to compute such a code and the corresponding
hardness amplification. This basically follows Viola’s idea in [22], but since we consider hardness
amplification in a much broader spectrum, a more involved analysis is required. For example, we
need to prove a new upper bound on noise sensitivity, because Viola’s bound does not work well
for us when we consider amplifying hardness from (1− δ)/2 to (1− δk)/2, for general δ ∈ (0, 1) and
k ∈ N.

2In [3], the complexity lower bound is placed on the decoding procedure instead, under the unproven (though
widely believed) assumption that PH does not collapse. In [23], a more general type of hardness amplification than
ours is considered, but the possibility of such hardness amplification is not ruled out as we do; instead, it was shown
that if the encoding procedure can be computed in PH, a hard function in PH exists unconditionally.
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For the non-uniformity of hardness amplification, we show that given a corrupted codeword with
a high fraction (1− ε)/2 (for a small ε) of errors, one may need a long list of candidate messages in
order to have one of them within a small relative distance (1− δ)/2 (for a large δ) to the original
message. To show this, we would like to find a set of messages such that some ball of relative radius
(1 − ε)/2 in the codeword space contains many of their corresponding codewords, but any ball of
relative radius (1− δ)/2 in the message space contains only a small number of messages from that
set. We choose these messages randomly and show that they have some chance of satisfying the
condition above when (1− ε)/2 is larger than (1− δ)/2 to some extent.

The methods described above can be easily modified to prove the corresponding lower bounds for
black-box constructions of PRG from hard functions. Note that lower bounds for PRG in fact imply
lower bounds for hardness amplification. However, we choose to present the proofs for hardness
amplification in detail and then indicate the changes needed for PRG. Our reason is that the proofs
for hardness amplification are simpler so it is easier to get a good picture. Furthermore, there
is a natural connection between hardness amplification and some list-decodable code as discussed
before, and establishing such lower bounds for these codes may have interests of their own, so it
may still be nice to have more direct proofs for them.

1.6 Organization of this paper

First, some preliminaries are given in Section 2. Then in Section 3 and Section 4, we prove the
impossibility results of hardness amplification by constant-depth circuits and non-deterministic
circuits respectively. In Section 5, we show that hardness amplification in general is inherently
non-uniform. Finally, we show the impossibility results for black-box construction of pseudorandom
generators from hard functions in Section 6.

2 Preliminaries

For any n ∈ N, let [n] denote the set {1, 2, . . . , n} and let Un denote the uniform distribution over
the set {0, 1}n. For a string z, let zi denote the i’th bit of z. All the logarithms in this paper will
have base two. Define the binary entropy function H(x) = −x log x− (1− x) log (1− x).

We need some standard complexity classes. Let ATIME(d, t) denote the class of functions com-
puted by alternating Turing machines in time t with d alternations. Let PH denote the polynomial-
time hierarchy, which is ATIME(O(1),poly(n)). Let NTIME(t) denote the class of functions com-
puted by nondeterministic Turing machines in time t. For our convenience, we also introduce some
slightly unconventional complexity classes defined in terms of Boolean circuits. The circuits we
consider consist of AND/OR/NOT gates, allowing unbounded fan-in for AND/OR gates. The size
of a circuit is the number of gates it has and the depth of circuit is the number of gates on the
longest path from an input bit to the output gate. We call such circuits AC circuits.

Definition 1. Let AC(s) be the class of functions computed by AC circuits of size s. Let AC(d, s)
denote the class of functions computed by AC circuits of depth d and size s.

Note that the standard complexity class AC0 corresponds to our class AC(O(1),poly(n)). We
also introduce the nondeterministic version of AC circuits. An NAC circuit C has two parts of
inputs: the real input x and the witness input y. The Boolean function f computed by such a
circuit C is defined as f(x) = 1 if and only if there exists a y such that C(x, y) = 1.

5



Definition 2. Let NAC(s) be the class of functions computed by NAC circuits of size s.

A function with more than one output bits is said to be computed by some type of circuits (e.g.
AC(d, s) or NAC(s)) if each output bit can be computed by one such circuit.

2.1 Black-Box Hardness Amplification and Pseudorandom Generators

Informally speaking, a function is hard if any algorithm without enough complexity must make
some mistakes.

Definition 3. We say that a function f : {0, 1}n → {0, 1} has hardness δ against circuits of size
s if for any circuit C : {0, 1}n → {0, 1} of size s, Prx∈Un [f(x) 6= C(x)] ≥ δ.

Note that we use the error bound δ to characterize the hardness of a function, and we pay less
(sometimes no) attention to the size bound s. For hardness amplification, we want to transform a
function f : {0, 1}n → {0, 1} with a smaller hardness δ into a function f ′ : {0, 1}m → {0, 1} with a
larger hardness ε. Next, we define what we mean by a black-box hardness amplification.

Definition 4. We say that an oracle algorithm Amp(·) : {0, 1}m → {0, 1} realizes a black-box
(n, δ, ε, `) hardness amplification if there exists a (non-uniform) oracle Turing machine Dec with
` bits of advice satisfying the following. For any f : {0, 1}n → {0, 1} and any A : {0, 1}m → {0, 1},
if Prz∈Um [A(z) 6= Ampf (z)] < ε, then Prx∈Un [DecA,α(x) 6= f(x)] < δ for some `-bit advice α.

Here, the transformation of the initial function f into a harder function is done in a black-
box way, as the harder function Ampf only uses f as an oracle. Moreover, the hardness of the
new function Ampf is also guaranteed in a black-box way. Namely, any algorithm A breaking the
hardness condition of Ampf can be used as an oracle for a machine Dec to break the hardness
condition of f . Note that neither of the hardness refers to circuit size, and no constraint is placed on
the complexity of the procedure Dec and the complexity of the function A. This freedom makes
our impossibility results stronger. The parameter ` characterizes the amount of non-uniformity
associated with this process. When ` ≥ 1, we say the hardness amplification is non-uniform.

Similarly, we can define the notion of black-box construction of pseudo-random generators from
hard functions.

Definition 5. We say that an oracle algorithm G(·) : {0, 1}r → {0, 1}M realizes a black-box
(n, δ, ε, `)-PRG if there exists a (non-uniform) oracle Turing machine Dec with ` bits of ad-
vice satisfying the following. For any f : {0, 1}n → {0, 1} and any D : {0, 1}M → {0, 1}, if
|Prx∈Ur [D(Gf (x)) = 1] − Pry∈UM

[D(y) = 1]| > ε, then Prx∈Un [DecD,α(x) 6= f(x)] < δ, for some
`-bit advice α.

2.2 Codes and Correspondence to Hardness Amplification

The distance between two strings we adopt is their relative Hamming distance.

Definition 6. For u, v ∈ {0, 1}M , define their distance 4(u, v) as their relative Hamming distance,
namely 4(u, v) = 1

M |{i ∈ [M ] : ui 6= vi}|.

According to this distance, we define open balls of radius δ in the space {0, 1}N .
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Definition 7. For any N ∈ N, δ ∈ (0, 1), and x ∈ {0, 1}N , let Ballx(δ,N) = {x′ ∈ {0, 1}N :
4(x, x′) < δ}, which is the open ball in {0, 1}N of radius δ centered at x. Let Ball(δ,N) denote
the set containing all such balls.

The following fact gives an upper bound on the size of such a Hamming ball.

Fact 1. The size of any ball in Ball(δ,N) is at most 2H(δ)N .

We borrow the notion of list-decodable codes, but we extend it in a way that leads to some
natural correspondence with black-box hardness amplifications.

Definition 8. We call C : {0, 1}N → {0, 1}M a (δ, ε, L)-list code if for any z ∈ {0, 1}M , there
are L balls from Ball(δ,N) such that if a codeword C(x) is contained in Ballz(ε, M), then x is
contained in one of those L balls.

A (δ, ε, L)-list code is related to a standard list-decodable code in the way that each ball in
Ball(ε, M) contains at most L ·2H(δ)N codewords. Next, we show how such a code arises naturally
from a black-box hardness amplification. Let N = 2n and M = 2m. Given any oracle algorithm
Amp(·) : {0, 1}m → {0, 1}, let us define the corresponding code C : {0, 1}N → {0, 1}M as C(f) =
Ampf . That is, seeing any function f : {0, 1}n → {0, 1} as a vector in {0, 1}N , C(f) produces
as output the function Ampf , which is seen as a vector in {0, 1}M . The following is a simple
generalization of an observation by Viola [22].

Lemma 1. If Amp(·) : {0, 1}m → {0, 1} realizes a black-box (n, δ, ε, `) hardness amplification, then
C : {0, 1}N → {0, 1}M , defined as C(f) = Ampf , is a (δ, ε, 2`)-list code.

Proof. Suppose Amp realizes a black-box (n, δ, ε, `) hardness amplification and Dec is the corre-
sponding decoding procedure, which is an oracle Turing machine with an `-bit advice. Consider
any A ∈ {0, 1}M , seen as A : {0, 1}m → {0, 1}. For any codeword C(f) with 4(A,C(f)) =
Prx[A(x) 6= Ampf (x)] < ε, by Definition 4, there exists an α ∈ {0, 1}` such that 4(DecA,α, f) =
Pry[DecA,α(y) 6= f(y)] < δ. That is, if C(f) is in BallA(ε, M), then f is contained in one of the
2` balls of radius δ centered at DecA,α for α ∈ {0, 1}`. Therefore, C is a (δ, ε, 2`)-list code.

2.3 Noise Sensitivity

Following [15, 22], we apply Fourier analysis on Boolean functions. For any g : {0, 1}N → {0, 1}
and for any J ⊆ [N ], let ĝ(J) = Ey

[
(−1)g(y) ·

∏
i∈J(−1)yi

]
. Here is a simple fact.

Fact 2. For any g : {0, 1}N → {0, 1},
∑

J⊆[N ] ĝ(J)2 = 1.

It is known that for AC circuits of small depths, the main contribution to the above sum comes
from the low-order terms.

Lemma 2. [13] For any g : {0, 1}N → {0, 1} ∈ AC(d, s) and for any t ∈ [N ],
∑

|J |>t ĝ(J)2 ≤
s · 2−Ω(t1/d).

This can be used to show that AC circuits of small depth are insensitive to noise on their input.
We will need the following more precise relation between the noise sensitivity of a Boolean function
and its Fourier coefficients.
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Lemma 3. Suppose x is sampled from the uniform distribution over {0, 1}N and x̃ is obtained by
flipping each bit of x independently with probability 1−α

2 . Then for any g : {0, 1}N → {0, 1} and for
any t ∈ N, Prx,x̃[g(x) 6= g(x̃)] ≤ 1

2(1− αt(1−
∑

|J |>t ĝ(J)2)).

Proof. We know from [15] that Prx,x̃[g(x) 6= g(x̃)] = 1
2(1−

∑
J⊆[N ] α

|J |ĝ(J)2). Note that∑
J⊆[N ]

α|J |ĝ(J)2 ≥
∑
|J |≤t

α|J |ĝ(J)2 ≥ αt
∑
|J |≤t

ĝ(J)2.

Then the lemma follows from Fact 2.

3 Impossibility of Amplification by Small-Depth Circuits

We will show that any AC circuit of small depth realizing a black-box hardness amplification
requires a large size. Let N = 2n and M = 2m. Recall from Lemma 1 that any Amp(·) : {0, 1}m →
{0, 1} realizing a black-box (n, 1−δ

2 , 1−δk

2 , `) hardness amplification induces a (1−δ
2 , 1−δk

2 , 2`)-list code
C : {0, 1}N → {0, 1}M . Suppose Amp is realized by an AC(d, s) circuit, with oracle answers as
part of the input. Then for each i ∈ [M ], the i’th output bit of C can be seen as a function
C(·)i : {0, 1}N → {0, 1} computable by an AC(d, s) circuit. So it suffices to prove that no AC(d, s)
circuits with small d and s can compute such a code.

Let x be sampled from the uniform distribution over {0, 1}N and let x̃ be the random variable
obtained by flipping each bit of x independently with some probability 1−α

2 . We set α = δ1.1 so that
1−α

2 is only slightly larger than 1−δ
2 .3 We call any two codewords close if their (relative) distance is

less than 1−δk

2 . The next lemma gives a lower bound on the probability that C(x̃) is close to C(x).
The idea is that an AC circuit of small depth and small size is insensitive to noise on the input, so
a random perturbation on an input message is likely to result in a close codeword.

Lemma 4. For some constant c, for any t, d ∈ N with αt ≤ 1 − 2−ct1/d
, and for any C ∈

AC(d, 2ct1/d
), Prx,x̃[C(x) is close to C(x̃)] ≥ α2t − δk.

Proof. From Lemma 2 and Lemma 3, we know that for each i ∈ [M ],

Pr
x,x̃

[C(x)i 6= C(x̃)i] ≤
1
2

(
1− αt

(
1− 2ct1/d · 2−Ω(t1/d)

))
≤ 1− α2t

2
,

for some constant c. Therefore, Ex,x̃[4(C(x), C(x̃))] ≤ 1−α2t

2 , and from Markov’s inequality,
Prx,x̃[C(x) is not close to C(x̃)] ≤ 1−α2t

1−δk . Thus

Pr
x,x̃

[C(x) is close to C(x̃)] ≥ 1− 1− α2t

1− δk
≥ α2t − δk

1− δk
≥ α2t − δk.

Next, we give an upper bound on this probability. The idea is that if C is a code with each
codeword only close to a small number of other codewords, then a random perturbation on an input
message is unlikely to result in a close codeword.

3We do not attempt to optimize parameters here, and in fact it suffices to set α = δ(1− o(1)).
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Lemma 5. For any (1−δ
2 , 1−δk

2 , 2`)-list code C, Prx,x̃[C(x) is close to C(x̃)] ≤ 2` · 2−Ω(δ2N).

Proof. Consider any fixed x ∈ {0, 1}N . Since C is a (1−δ
2 , 1−δk

2 , 2`)-list code, there are at most
2`+H( 1−δ

2
)N different y’s such that C(y) is close to C(x). The lemma would follow easily if each

such y had a very small probability to occur. However, this may not be the case in general. We will
show that although some y’s may occur with higher probability, there are not too many of them,
so their overall contribution is still tolerable.

For any y ∈ {0, 1}N , Prx̃ [x̃ = y] =
(

1−α
2

)4(x,y)N (
1+α

2

)(1−4(x,y))N , which decreases as 4(x, y)
increases. Let β = α0.91 = δ1.001.4 Call y ∈ {0, 1}N good for x if 4(x, y) ≥ 1−β

2 and call y bad for
x otherwise. Note that for any y which is good for x,

Pr
x̃

[x̃ = y] ≤
(

1− α

2

) 1−β
2

N (
1 + α

2

) 1+β
2

N

= 2( 1−β
2

log 1−α
2

+ 1+β
2

log 1+α
2 )N

≤ 2−H( 1−β
2 )N .

On the other hand, x̃ is only bad for x with a small probability. This is because x̃ is obtained by
flipping each bit of x independently with probability 1−α

2 , so Ex̃ [4(x, x̃)] = 1−α
2 , and by Chernoff

bound,

Pr
x̃

[x̃ is bad for x] = Pr
x̃

[
4(x, x̃) <

1− β

2

]
≤ 2−Ω(β2N).

Thus, Prx̃ [C(x̃) is close to C(x)] is at most

Pr
x̃

[C(x̃) is close to C(x) ∧ x̃ is good for x] + Pr
x̃

[x̃ is bad for x]

≤ 2`+H( 1−δ
2 )N · 2−H( 1−β

2 )N + 2−Ω(β2N)

= 2` · 2(1−Θ(δ2))N · 2−(1−Θ(β2))N + 2−Ω(β2N)

= 2` · 2−Ω(δ2N).

Since this holds for every x, the lemma follows.

Combing Lemma 4 and Lemma 5, we have

α2t − δk ≤ Pr
x,x̃

[C(x) is close to C(x̃)] ≤ 2` · 2−Ω(δ2N).

Choose t = Θ(k) such that α2t − δk = δO(k), and we have the following.

Lemma 6. For some constant c, for any δ ∈ (0, 1), and for any d, k ∈ N with δk ≤ 1 − 2−ck1/d
,

if C : {0, 1}N → {0, 1}M is a (1−δ
2 , 1−δk

2 , L)-list code computable by an AC(d, 2ck1/d
) circuit, then

L = 2Ω(δ2N)δO(k).

From Lemma 1, we obtain the following impossibility result for hardness amplification.
4Again, we make no attempt on optimizing the parameter here. In fact it suffices to set β = α(1+ o(1)) while still

maintaining β = δ(1− o(1)).
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Theorem 1. Suppose 2−c0n ≤ δ < 1 and 2−2c1n ≤ δk ≤ 1 − 2−c2k1/d
, for some suitable constants

c0, c1, c2. Then any black-box (n, 1−δ
2 , 1−δk

2 , `) hardness amplification in AC(d, 2c2k1/d
) must have

` = 2Ω(n).

The condition on δ and δk in the theorem above is natural in the following sense. When
δ ≤ 2−Ω(n), the initial function is already hard enough, so hardness amplification is usually not
needed. When δk ≥ 1 − 2−Ω(k1/d), the resulting function only has a very small hardness, which
is rarely what hardness amplification is used to achieve. Finally, as discussed in the introduction,
hardness amplifications normally have m close to n (preferably with m = poly(n)), therefore δk,
which is at least 2−m, would be much larger that 2−2Ω(n)

.

Corollary 1. Under the same condition as in Theorem 1, no black-box (n, 1−δ
2 , 1−δk

2 , 2o(n)) hardness
amplification can be realized in ATIME(O(1), ko(1)). In particular, no such hardness amplification
is possible in PH when k = nω(1) or in ATIME(O(1), 2o(n)) when k = 2Ω(n).

Proof. It is known (e.g. from [4]) that any ATIME(d, t) computation with an oracle can be simulated
by an AC(d + 1, 2O(dt)) circuit with oracle answers as part of its input. Then the corollary follows
from Theorem 1.

Our bound is tight as it can be achieved by the well-known XOR lemma [24].

Theorem 2. For any δ ∈ (0, 1) and any k, d ∈ N, a black-box (n, 1−δ
2 , 1−δk

2 , `) hardness amplifica-
tion can be realized in AC(d, 2O(k1/d)) with ` = k · poly

(
n
δ

)
.

Proof. The XOR of k bits can be computed by an AC(d, 2O(k1/d)) circuit (c.f. [6]), and note that
the proof of XOR lemma in [5] shows that ` ≤ k · poly

(
n
δ

)
suffices.

4 Impossibility of Amplification by Nondeterministic Circuits

The bound in the previous section vanishes when d = Ω(log k). In this section, we show that even
without any restriction on the circuit depth, there still exists a lower bound on the circuit size.

We use the method of random restriction. A restriction on a set of variables V = {xi : i ∈ [N ]}
is a mapping ρ : V → {0, 1, ?}, which either fixes the value of a variable xi with ρ(xi) ∈ {0, 1} or
leaves xi free with ρ(xi) = ?. For p ∈ (0, 1), let Rp denote the distribution on such restrictions
such that each variable xi is mapped independently with Prρ∈Rp [ρ(xi) = ?] = p and Prρ∈Rp [ρ(xi) =
0] = Prρ∈Rp [ρ(xi) = 1] = (1− p)/2. For a Boolean function g and a restriction ρ, let gρ denote the
function obtained from g by applying the restriction ρ to its variables. That is, gρ(x1, . . . , xN ) =
g(y1, . . . , yN ) with yi = xi if ρ(xi) = ? and yi = ρ(xi) otherwise.

Define the degree of a function g as deg(g) = maxJ{|J | : ĝ(J) 6= 0}. It is not hard to see that a
constant function has degree 0 and a function depending on only t input bits has degree at most t.
We need the following lemma which bounds the contribution of higher-order Fourier coefficients.

Lemma 7. [13] Let t be an integer and p with pt > 8. For any Boolean function g,
∑

|J |>t ĝ(J)2 ≤
2 · Prρ∈Rp [deg(gρ) ≥ pt/2].

The following is the key lemma in this section, which gives a concrete bound on the sum above
for NAC circuits.

10



Lemma 8. For any g : {0, 1}N → {0, 1} ∈ NAC(s),
∑

|J |>t ĝ(J)2 ≤ s · 2−Ω(t/s), when 9 ≤ t ≤ N .

Proof. Suppose g is computed by an NAC circuit of size s, which divides its input into the real part
and the witness part. Let B be the set of gates which receive real input variables directly. Consider
applying a random restriction ρ ∈ Rp on the real input variables. We say a gate in B is killed if it
is an AND gate and receives a real input variable which is fixed to 0 by ρ, or if it is an OR gate
and receives a real input variable which is fixed to 1 by ρ. For a gate A ∈ B, let #(A) denote the
number of real input variables it receives. For a restriction ρ, let #(Aρ) denote the the number of
remaining real input variables it receives if A is not killed by ρ, and let #(Aρ) = 0 otherwise. Set
p to be any constant in (0, 1) so that pt > 8. Then

Pr
ρ∈Rp

[deg(gρ) ≥ pt/2] ≤ Pr
ρ∈Rp

[∃A ∈ B : #(Aρ) ≥ pt/(2s)]

≤ s ·max
A∈B

Pr
ρ∈Rp

[#(Aρ) ≥ pt/(2s)] .

Any A ∈ B with #(A) < pt/(2s) clearly has Prρ∈Rp [#(Aρ) ≥ pt/(2s)] = 0. On the other hand,
any A ∈ B with #(A) ≥ pt/(2s) is likely to be killed, so that

Pr
ρ∈Rp

[#(Aρ) ≥ pt/(2s)] ≤ Pr
ρ∈Rp

[A is not killed by ρ] = (1− (1− p)/2)pt/(2s) = 2−Ω(t/s).

From Lemma 7, we have
∑

|J |>t ĝ(J)2 ≤ 2s · 2−Ω(t/s) = s · 2−Ω(t/s).

Then the rest follows the same line of arguments in the previous section. Suppose 9 ≤ t ≤ N
and C ∈ NAC( t

c log t) for some large enough constant c. Lemma 8 implies that for each i ∈ [M ],

Pr
x,x̃

[C(x)i 6= C(x̃)i] ≤
1
2

(
1− αt

(
1− t

c log t
· 2−Ω(c log t)

))
≤ 1− α2t

2
,

when αt ≤ 1 − t−c′ for some constant c′. Note that larger c gives larger c′. As in Lemma 4, one
can then show that Prx,x̃[C(x) is close to C(x̃)] ≥ α2t − δk. This combined with Lemma 5 gives
the following.

Lemma 9. For some constant c0, c1, for any δ ∈ (0, 1), and for any k ∈ N with δk ≤ 1 − k−c0,
if C : {0, 1}N → {0, 1}M is a (1−δ

2 , 1−δk

2 , L)-list code computable by an NAC( k
c1 log k ) circuit, then

L = 2Ω(δ2N)δO(k).

Then as in the previous section, we get the following impossibility result.

Theorem 3. Suppose 2−c0n ≤ δ < 1 and 2−2c1n ≤ δk ≤ 1 − k−c2, for some suitable con-
stants c0, c1, c2. Then any black-box (n, 1−δ

2 , 1−δk

2 , `) hardness amplification in NAC( k
c3 log k ) or

NTIME( k
c3 log2 k

), for some constant c3, must have ` = 2Ω(n).

5 Inherent Non-uniformity of Hardness Amplification

In the previous two sections, we have shown that any black-box hardness amplification must be very
non-uniform when the computational complexity of the amplification procedure Amp is bounded
in certain ways. In this section, we show that even without any such complexity bound, there still
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exists some inherent non-uniformity. This reduces to the coding-theoretical question: for which
values of α and β do we have a (α, β, 1)-list code?

We call C : {0, 1}N → {0, 1}M an [N,M,α] code if the (relative) distance of any two codewords is
at least α. We need the following good code, which can be constructed using, say, the concatenation
of Reed-Solomon code with Hadamard code.

Fact 3. [N,O((N
γ )2), 1−γ

2 ] codes exist for any γ ∈ (0, 1).

This says that unique decoding is possible if the fraction of error is slightly smaller than 1
4 . On

the other hand, according to the following Plotkin bound, unique decoding is basically impossible
if the fraction of error grows beyond 1

4 .

Fact 4. (Plotkin Bound [16]) An [N,M,α] code with α ≥ 1
2 must have N ≤ log(2M).

Combining the two facts above, we have the following impossibility result.

Lemma 10. For some constant c and for any γ ∈ (0, 1), any (1−γ
4 , 1

4 , L)-list code C : {0, 1}N →
{0, 1}M with cγ

√
N > log(2M) must have L ≥ 2.

Proof. From Fact 3, there exists an [K, N, 1−γ
2 ] code C ′ with K ≥ cγ

√
N for some constant c.

Suppose that C is a (1−γ
4 , 1

4 , L)-list code with cγ
√

N > log(2M). If L = 1, then C ◦C ′ : {0, 1}K →
{0, 1}M is a [K, M, 1

2 ] code with K > log(2M), which is impossible according to Fact 4.

Then from Lemma 1, we have the following.

Theorem 4. For some constant c and for any γ ∈ (0, 1), no oracle algorithm Amp(·) : {0, 1}m →
{0, 1} can realize a black-box (n, 1−γ

4 , 1
4 , 0) hardness amplification with cγ2n/2 > m + 1.

As discussed in the introduction, hardness amplifications normally have m = poly(n). Thus,
the theorem basically says that amplifying hardness beyond 1

4 must introduce non-uniformity in
general. However, the theorem does not provide a quantitative bound on the non-uniformity. This
will be addressed next.

5.1 Lower Bounds on Non-uniformity

Next, we will show that any black-box (n, 1−δ
2 , 1−δk

2 , `) hardness-amplification must have ` =
Ω(k log 1

δ ). Consider an arbitrary (1−δ
2 , 1−ε/c

2 , L)-list code C : {0, 1}N → {0, 1}M , for some suitable
constant c. We would like to find z ∈ {0, 1}M and a large enough set S ⊆ {0, 1}N such that:

• for every x ∈ S, C(x) is contained in the ball Ballz(
1−ε/c

2 ,M), and

• S needs many balls in Ball(1−δ
2 , N) to cover with.

Choose x1, . . . , xt uniformly and independently from {0, 1}N to form the set R, for some t =
O( 1

ε2 ). Call the set R δ-good if |R| = t (i.e. xi 6= xj for any i 6= j) and any ball in Ball(1−δ
2 , N)

contains O( 1
δ2 ) elements of R. Later, we will derive the set S from a δ-good R.

Lemma 11. When N = ω( 1
δ2 log 1

ε ), R is δ-good with probability 1− 2−Ω(N).
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Proof. Clearly, the probability that xi = xj for some i 6= j is at most
(

t
2

)
· 2−N ≤ 22 log t−N . Also,

the probability that some ball in Ball(1−δ
2 , N) contains r elements of R is at most 2N ·

(
t
r

)
·

2(H( 1−δ
2

)−1)Nr ≤ 2N+r log t−Ω(δ2)rN . For some r = O( 1
δ2 ), both probabilities above are 2−Ω(N) when

N = ω( 1
δ2 log t).

We want to choose a string z ∈ {0, 1}M such that the ball Ballz(1−ε
2 ,M) contains a lot of

codewords coming from a δ-good R. We will fix some of z’s bits first.

Definition 9. For each y ∈ [M ], let by be the bit such that Prx∈{0,1}N [C(x)y 6= by] ≤ 1
2 . Call R

(δ, ε)-good for y if R is δ-good and Prx∈R [C(x)y 6= by] ≤ 1−ε
2 .

Lemma 12. Suppose N = ω( 1
δ2 log 1

ε ). Then for any y ∈ [M ], R is (δ, ε)-good for y with probability
Ω(1).

Proof. From Lemma 11, R is not δ-good with probability 2−Ω(N). Now fix any y ∈ [M ]. Let Ii,
for i ∈ [t], be the random variable such that Ii = 1 if C(xi)y 6= by and Ii = 0 otherwise. Note that
I1, . . . , It form a sequence of i.i.d., with E [Ii] ≤ 1

2 for each i. Then

Pr
R

[
Pr
x∈R

[C(x)y 6= by] ≤
1− ε

2

]
= Pr

x1,...,xt

1
t

∑
i∈[t]

Ii ≤
1− ε

2


≥

∑
1−2ε

2
t≤j≤ 1−ε

2
t

Pr
x1,...,xt

∑
i∈[t]

Ii = j


≥ εt

2
·
(

t
1−2ε

2 t

)
· 2−t

=
εt

O(
√

t)
· 2H( 1−2ε

2
)t−t

= Ω(ε
√

t) · 2−O(ε2t)

= Ω(1),

as t = O( 1
ε2 ). Then R is (δ, ε)-good for y with probability at least Ω(1)− 2−Ω(N) = Ω(1).

An averaging argument immediately gives the following.

Corollary 2. Suppose N = ω( 1
δ2 log 1

ε ). Then there exist a set R ⊆ {0, 1}N with |R| = Ω( 1
ε2 ) and

a set A ⊆ [M ] with |A| = Ω(M) such that for any y ∈ A, R is (δ, ε)-good for y.

Let us fix the sets R and A guaranteed by the corollary above. Next, we want to show that
many x’s from R satisfy the property that the codeword C(x) has enough agreement with the
vector b on those dimensions in A.

Lemma 13. There exists R′ ⊆ R with |R′| = Ω(1
ε ) such that for any x ∈ R′, Pry∈A [C(x)y 6= by] <

1−ε/2
2 .
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Proof. For any y ∈ A, R is (δ, ε)-good for y, so

E
x∈R

[
Pr
y∈A

[C(x)y 6= by]
]

= E
y∈A

[
Pr
x∈R

[C(x)y 6= by]
]
≤ 1− ε

2
.

By Markov’s inequality,

Pr
x∈R

[
Pr
y∈A

[C(x)y 6= by] >
1− ε/2

2

]
<

1−ε
2

1−ε/2
2

≤ 1− ε

2
.

Thus, there exists R′ ⊆ R of size ε
2 |R| = Ω(1

ε ) such that for any x ∈ R′, Pry∈A [C(x)y 6= by] ≤
1−ε/2

2 .

We let the vector z inherit from the vector b those bits indexed by A, and it remains to set the
values for the remaining bits. It is easy to show that there exist v ∈ {0, 1}M (in fact, v can be
either 0M or 1M ) and S ⊆ R′ with |S| ≥ 1

2 |R
′| such that for any x ∈ S, Pry/∈A [C(x)y 6= vy] ≤ 1

2 .
So we just define z ∈ {0, 1}M as zy = by if y ∈ A and zy = vy otherwise. Then, for any x ∈ S,

4(C(x), z) = Pr
y∈[M ]

[y ∈ A] · Pr
y∈A

[C(x)y 6= by] + Pr
y∈[M ]

[y /∈ A] · Pr
y/∈A

[C(x)y 6= vy]

<
|A|
M

· 1− ε/2
2

+
M − |A|

M
· 1
2

=
1
2

(
1− |A|(ε/2)

M

)
≤ 1− ε/c

2
,

for some constant c.
Furthermore, as S ⊆ R and R is δ-good, any ball in Ball(1−δ

2 , N) contains only O(1/δ2)
elements of S. Thus, S must need |S|

O(1/δ2)
= Ω( δ2

ε ) such balls to cover with. Replace the parameter
ε/c by ε, and we have the following.

Lemma 14. Suppose ε < 1
c for some suitable constant c, and suppose N = ω( 1

δ2 log 1
ε ). Then any

(1−δ
2 , 1−ε

2 , L)-list code must have L = Ω( δ2

ε ).

This, combined with Lemma 1, implies the following.

Theorem 5. Suppose ε < 1
c for some suitable constant c, and suppose 2n = ω( 1

δ2 log 1
ε ). Then any

black-box (n, 1−δ
2 , 1−ε

2 , `) hardness amplification must have ` = Ω(log δ2

ε ).

Thus, any such hardness amplification, even without any complexity constraint, must be inher-
ently non-uniform, with ` ≥ 1 when ε ≤ c′δ2 for some constant c′, or with ` = Ω(k log 1

δ ) when
ε = δk.

6 Impossibility Results on Constructing PRG

In this section we modify the methods developed in previous sections to prove impossibility results
for black-box constructions of pseudo-random generators from hard functions.
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6.1 Impossibility of Constructing PRG by Constant-Depth Circuits

Consider an oracle algorithm G(·) : {0, 1}r → {0, 1}M which realizes a black-box (n, 1−δ
2 , δk

4 , `)-
PRG. We write G ∈ AC(d, s) to mean that for each u ∈ {0, 1}r and each i ∈ [M ], the function from
x to Gx(u)i is computed by an AC(d, s) circuit. Assume all the convention in Section 3. Now we
call two generators Gx and Gy close if Eu[4(Gx(u), Gy(u))] < 1−δk

2 .

Lemma 15. For some constant c, for any t, d ∈ N with αt ≤ 1 − 2−ct1/d
, and for any G ∈

AC(d, 2ct1/d
), Prx,x̃[Gx is close to Gx̃] ≥ α2t − δk.

Proof. As in Lemma 4, Ex,x̃,u[4(Gx(u), Gx̃(u))] ≤ 1−α2t

2 , and Prx,x̃[Gx is not close to Gx̃] ≤ 1−α2t

1−δk

by Markov’s inequality. Thus Prx,x̃[Gx is close to Gx̃] ≥ 1− 1−α2t

1−δk ≥ α2t − δk.

Lemma 16. For any black-box (n, 1−δ
2 , δk

4 , `)-PRG G, Prx,x̃[Gx is close to Gx̃] ≤ 2` · 2−Ω(δ2N), if
δk ≥ 22+r−cδ2kM for some large enough constant c.

Proof. Consider any fixed x ∈ {0, 1}N . Now it suffices to bound the number of y’s such that Gy

is close to Gx. Note that for any such y, Eu[4(Gx(u), Gy(u))] < 1−δk

2 , so by Markov’s inequality,

Pru[4(Gx(u), Gy(u)) ≥ 1−δk/2
2 ] < 1− δk

2 .

Define the distinguisher Dx : {0, 1}M → {0, 1} as Dx(z) = 1 if and only if 4(Gx(u), z) < 1−δk/2
2

for some u ∈ {0, 1}r. Clearly, Prz∈UM
[Dx(z) = 1] ≤ 2r · 2−Ω(δ2k)M . On the other hand, for any y

such that Gy is close to Gx, Pru[Dx(Gy(u)) = 1] ≥ Pru[4(Gx(u), Gy(u)) < 1−δk/2
2 ] > δk

2 . So for
any such y, ∣∣∣∣ Pr

u∈Ur

[Dx(Gy(u)) = 1]− Pr
z∈UM

[Dx(z) = 1]
∣∣∣∣ >

δk

2
− 2r−Ω(δ2kM) ≥ δk

4
.

Because G is a black-box (n, 1−δ
2 , δk

4 , `)-PRG, there are only 2`+H( 1−δ
2

)N such y’s. Then the rest of
the proof follows that of Lemma 5.

Choose t = Θ(k) such that α2t − δk = δO(k), and we have the following.

Lemma 17. For some constants c0, c1, for any δ ∈ (0, 1), and for any d, k ∈ N with 22+r−c0δ2kM ≤
δk ≤ 1−2−c1k1/d

, if G(·) : {0, 1}r → {0, 1}M ∈ AC(d, 2c1k1/d
) realizes a black-box (n, 1−δ

2 , δk

4 , `)-PRG,
then 2` = 2Ω(δ2N)δO(k).

Theorem 6. Suppose 2−c0n ≤ δ < 1 and 2−c1r ≤ δk ≤ 1 − 2−c2k1/d
, for some suitable constants

c0, c1, c2. Then any black-box (n, 1−δ
2 , δk

4 , `)-PRG G(·) : {0, 1}r → {0, 1}M realized in AC(d, 2c2k1/d
)

must have ` = 2Ω(n) or M = O( r
δ2k ).

The theorem says that when realizing a black-box PRG using such an AC circuit, either a large
amount of non-uniformity must be introduced or the output of the generator cannot be too long.

Corollary 3. Under the same condition as in Theorem 6, no black-box (n, 1−δ
2 , δk

4 , 2o(n))-PRG
G(·) : {0, 1}r → {0, 1}M with M = ω( r

δ2k ) can be realized in ATIME(O(1), ko(1)). In particular, no
such PRG is possible in PH when k = nω(1) or in ATIME(O(1), 2o(n)) when k = 2Ω(n).
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6.2 Impossibility of Constructing PRG by Nondeterministic Circuits

The previous argument can also be applied to NAC circuits to get the following.

Theorem 7. Suppose 2−c0n ≤ δ < 1 and 2−c1r ≤ δk ≤ 1 − k−c2, for some suitable constants
c0, c1, c2. Then any black-box (n, 1−δ

2 , δk

4 , `)-PRG G(·) : {0, 1}r → {0, 1}M in NAC( k
c3 log k ) or

NTIME( k
c3 log2 k

), for some constant c3, must have ` = 2Ω(n) or M = O( r
δ2k ).

6.3 Inherent Non-uniformity of Constructing PRG

Consider an arbitrary black-box (n, 1−δ
2 , ε

c , `)-PRG G(·) : {0, 1}r → {0, 1}M , for some suitable
constant c. Assume all the convention in Section 5.1 unless stated otherwise. Now we would like
to find a distinguisher D : {0, 1}M → {0, 1} and a large enough set S ⊆ {0, 1}N such that:

• for every x ∈ S, |Pru[D(Gx(u)) = 1]− Prz[D(z) = 1]| > ε
c , and

• S needs many balls in Ball(1−δ
2 , N) to cover with.

As in Section 5.1, we sample x1, . . . , xt from {0, 1}N to form the set R, for some t = O( 1
ε2 ).

Definition 10. For (y, u) ∈ [M ]×{0, 1}r, let B(u)y be the bit with Prx∈{0,1}N [Gx(u)y 6= B(u)y] ≤
1
2 . Call R (δ, ε)-good for (y, u) if R is δ-good and Prx∈R [Gx(u)y 6= B(u)y] ≤ 1−ε

2 .

Similar to Lemma 12, we have the following.

Lemma 18. Suppose N = ω( 1
δ2 log 1

ε ). Then for any (y, u) ∈ [M ] × {0, 1}r, R is (δ, ε)-good for
(y, u) with probability Ω(1).

An averaging argument immediately gives the following.

Corollary 4. Suppose N = ω( 1
δ2 log 1

ε ). Then there exist a set R ⊆ {0, 1}N with |R| = Ω( 1
ε2 ) and

a set A ⊆ [M ]×{0, 1}r with |A| = Ω(M2r) such that for any (y, u) ∈ A, R is (δ, ε)-good for (y, u).

Let us fix the sets R and A guaranteed by the corollary above. As in Lemma 13, we have the
following.

Lemma 19. There exists a subset R′ ⊆ R with |R′| = Ω(1
ε ) such that for any x ∈ R′,

Pr(y,u)∈A [Gx(u)y 6= B(u)y] < 1−ε/2
2 .

It is easy to show that there exists V : {0, 1}r → {0, 1}M (in fact, for any u, V (u) can be either
0M or 1M ) and S ⊆ R′ with |S| ≥ 1

2 |R
′| such that for any x ∈ S, Pr(y,u)/∈A [Gx(u)y 6= V (u)y] ≤ 1

2 .
Now, for any u ∈ {0, 1}r, define Z(u) ∈ {0, 1}M as Z(u)y = B(u)y if (y, u) ∈ A and Z(u)y = V (u)y

otherwise. Then as in Section 5.1, one can show that for any x ∈ S,

E
u
[4(Gx(u), Z(u))] <

1− Ω(ε)
2

.

Thus, by Markov’s inequality, there exists some constant c such that

Pr
u

[
4(Gx(u), Z(u)) <

1− 2ε/c

2

]
>

2ε

c
.
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Define the distinguisher D : {0, 1}M → {0, 1} as D(z) = 1 if and only if 4(z, Z(u)) < 1−2ε/c
2 .

Then we have Pru[D(Gx(u)) = 1] > 2ε
c . On the other hand, a union bound gives Prz[D(z) = 1] ≤

2r+(H( 1−cε
2

)−1)M = 2r−Ω(ε2)M . This is at most ε
c when M = ω( r+log(1/ε)

ε2 ) = ω( r
ε2 ).5 In this case, for

any x ∈ S, ∣∣∣Pr
u

[D(Gx(u)) = 1]− Pr
z

[D(z) = 1]
∣∣∣ >

ε

c
.

Furthermore, as S ⊆ R and R is δ-good, any ball in Ball(1−δ
2 , N) contains only O(1/δ2)

elements of S. Thus, S must need |S|
O(1/δ2)

= Ω( δ2

ε ) such balls to cover with. Replacing ε
c by ε, we

have the following.

Theorem 8. Suppose ε < 1
c for some suitable constant c, and suppose N = ω( 1

δ2 log 1
ε ). Then

any black-box (n, 1−δ
2 , ε, `) pseudo-random generator G(·) : {0, 1}r → {0, 1}M with M = ω( r

ε2 ) must
have ` = Ω(log δ2

ε ).

Therefore, any such construction of pseudo-random generators, even without any complexity
constraint, must be inherently non-uniform, with ` ≥ 1 when ε ≤ c′δ2 for some constant c′, or with
` = Ω(k log 1

δ ) when ε = δk.
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